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Abstract 

Background:  Early clinical cracked tooth can be a perplexing disorder to diagnose and manage. One of the key 
problems for the diagnosis of the cracked tooth is the detection of the location of the surface crack.

Methods:  This paper proposes an image-based method for the detection of the micro-crack in the simulated 
cracked tooth. A homemade three-axis motion platform mounted with a telecentric lens was built as an image 
acquisition system to observe the surface of the simulated cracked tooth, which was under compression with a 
magnitude of the masticatory force. By using digital image correlation (DIC), the deformation map for the crown sur-
face of the cracked tooth was calculated. Through image analysis, the micro-crack was quantitatively visualized and 
characterized.

Results:  The skeleton of the crack path was successfully extracted from the image of the principal strain field, which 
was further verified by the image from micro-CT. Based on crack kinematics, the crack opening displacement was 
quantitatively calculated to be 2–10 µm under the normal mastication stress, which was in good agreement with the 
value reported in the literature.

Conclusions:  The crack on the surface of the simulated cracked tooth could be detected based on the proposed 
DIC-based method. The proposed method may provide a new solution for the rapid clinical diagnosis of cracked 
teeth and the calculated crack information would be helpful for the subsequent clinical treatment of cracked teeth.

Keywords:  Imaging diagnosis, Cracked tooth, Non-contact measurement

© The Author(s) 2021. Open Access This article is licensed under a Creative Commons Attribution 4.0 International License, which 
permits use, sharing, adaptation, distribution and reproduction in any medium or format, as long as you give appropriate credit to the 
original author(s) and the source, provide a link to the Creative Commons licence, and indicate if changes were made. The images or 
other third party material in this article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line 
to the material. If material is not included in the article’s Creative Commons licence and your intended use is not permitted by statutory 
regulation or exceeds the permitted use, you will need to obtain permission directly from the copyright holder. To view a copy of this 
licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/. The Creative Commons Public Domain Dedication waiver (http://​creat​iveco​
mmons.​org/​publi​cdoma​in/​zero/1.​0/) applies to the data made available in this article, unless otherwise stated in a credit line to the data.

Introduction
Cracked tooth syndrome, also known as incomplete 
tooth crack, was defined as non-physiological microc-
racks that normally occur on the surface of the tooth 
crown [1]. The disease is very easy to be misdiagnosed 
or mistreated due to the indiscoverable microcracks 

and the inconspicuous early clinical symptoms [2]. If 
the cracked tooth is not treated properly, the cracks 
would continue to expand and eventually leading to 
the onset of pulpitis or the fracture of the whole tooth 
[3]. The main objective for the diagnosis of the cracked 
tooth was to detect the micro-cracks in the early stage 
of the disease. In general, the clinical diagnosis meth-
ods mainly included visual inspection [4], periodon-
tal probing [5], bite diagnosis [6], pulp vitality test [7], 
staining [8], transillumination [9], computed tomog-
raphy (CT) [10], etc. More recently, the method like 
optical coherence tomography (OCT) used for surface 
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crack detection was widely studied [11, 12]. It should 
be noted that compared with traditional clinical dental 
imaging techniques, micro-CT and especially cone-
beam computed tomography (CBCT) seemed to be 
effective in detecting longitudinal tooth cracks [13, 14].

However, the available diagnosis methods may have 
some limitations. Methods like visual inspection, stain-
ing, bite diagnosis, etc., may somehow depend on the 
experience of the clinicians. Although CBCT had a good 
imaging resolution, the associated radiation would be 
undesirable. Some non-destructive engineering testing 
such as ultrasound [15], surface laser [16] may have side 
effects like pain or discomfort. The complex interactive 
mechanism between the stimuli signal and the irregular 
tooth structure may also bring some difficulties for imag-
ing and signal treatment in further clinical diagnosis.

Image-based method implemented with artificial intel-
ligence algorithms [17–19] was also widely performed for 
crack detection in industry non-destructive testing for 
the purpose of automation. Unfortunately, the accuracy 
of such methods may strongly depend on the amount 
of the training data, which was impractical for the clini-
cal crack tooth diagnosis. Image-based indirect crack 
detection method was mainly based on its deformation 
field which was calculated by digital image correlation 
(DIC). DIC had main advantages like non-contact, sim-
ple equipment and high accuracy [20]. Its main idea was 
to obtain the displacement or deformation of the image 
by comparing the reference image with the deformed 
image, which was conducted by the correlation calcula-
tion according to the image grey intensity before and 
after the deformation [21]. Many applications of crack 
detection were developed by DIC. For example, Landon 
Dellenbaugh et al. [22] proposed a method for the char-
acterization of the distortion-induced fatigue crack by 
DIC. Navid Hasheminejad et al. [23] used the correlation 
of digital images to estimate the strain field on the sur-
face of the asphalt sample. They predicted the locations 
of cracks to study the healing phenomenon of asphalt 
concrete. Nishikawa et  al. [24] used DIC technology to 
establish an automatic in  situ fatigue observation sys-
tem to monitor the behavior of small fatigue cracks on 
the microstructure. Recently, Gehri et  al. [31] proposed 
a DIC-based method to achieve automated crack detec-
tion in the field of engineering structure monitoring. In 
their work, the complex crack pattern could be extracted, 
and more importantly, quantitative characterization 
of the crack like the crack opening displacement could 
also be visualized based on crack kinematics. Although 
some researches can be found related to stress or strain 
response of the dental implant through DIC analysis, the 
detection of the cracked tooth using DIC-based method 
has not been reported according to our best knowledge.

In this article, we firstly proposed a method based on 
DIC that was used for crack detection of the simulated 
cracked tooth. The crack opening displacement was 
quantitatively visualized. And the systematic random 
error was measured. The method provided here may 
be helpful for further development of portable non-
destructive testing equipment for clinical detection of 
oral cracked teeth.

Methods
Simulated cracked tooth preparation
The ideal research subject is the fresh extracted cracked 
tooth, however, which is much more difficult to obtain 
intactly. Therefore, a reasonable in  vitro simulated 
cracked tooth is necessary. It should be noted that the 
sample used in this work is not the fresh extracted 
cracked tooth. The “simulated” here is meant to sig-
nify that the crack in the tooth was generated artifi-
cially. In this study, the simulated cracked tooth was 
created based on the phenomena of thermal expansion 
and contraction. Due to different coefficients of ther-
mal expansion of dental enamel and dentin (two main 
components of a tooth) [25], damage or crack could 
be made both on the surface of the tooth crown and 
in the body of the tooth, if the temperature changing 
process was carefully controlled. The simulated cracked 
tooth in  vitro seems to fit the definition of cracked 
tooth syndrome, in which the affected tooth possesses 
incomplete fracture. Meanwhile, the simulated in vitro 
sample may induce internal crack contrast to the exter-
nal mechanical crack-generating methods [8, 26, 27].

Intact extracted human third molar was used in the 
experiment. After surface cleaning, the sample was put 
into liquid nitrogen for 10–24 h, and then it was trans-
ferred to warm water with the temperature of 60–90 °C 
for 5–10  min. The large temperature difference gener-
ated thermal stress in the sample, which further cre-
ated the micro-cracks in the sample. The cracks of the 
sample were checked by the optical microscope. And 
the storage time in water and liquid nitrogen was tested 
and controlled so that the generated micro-cracks were 
as tiny as possible. Then, the simulated cracked tooth 
was sealed with epoxy resin. The surface of the encap-
sulated cracked tooth sample was grinded and polished 
until the tooth crown plane was clearly observed.

In order to enhance the image contrast, the pol-
ished surface was sprayed with ink speckle by an air-
brush (nozzle diameter: 0.2 mm). Uniform distribution 
of the painted speckle with a diameter of 3–5 µm was 
achieved by controlling the spraying parameters, such 
as pressure, distance, and duration.
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Image acquisition
As illustrated in Fig.  1a and b, the simulated cracked 
tooth sealed with resin was loaded on the universal test-
ing machine which applied compression load onto the 
sample. The load used here was carefully controlled less 
than the stress of the normal mastication process. The 
ink-spayed surface of the simulated cracked tooth crown 
was observed by a homemade image acquisition setup. 
The image acquisition setup was mainly constructed 
with three components: a three-axis motion platform 
driven by synchronous belts, a CCD camera with white 
light illuminating system, and a motion-control & image 
processing system. Each axis of the motion platform 
was controlled by one stepper motor, which was driven 
using pulse width modulation through receiving the 
motion signal from a micro-controller (Uno, Arduino). 
The upper computer interface was developed based on 
LabVIEW (National Instruments Technology Co., Ltd, 
USA), which is responsible for the communication (with 
micro-controller and CCD camera) and the digital image 
processing. The CCD camera (MV-SUA2000C/M-T, 
MindVision Technology Co., Ltd.) used in the study has 
a resolution of 1920 pixel × 1080 pixel equipped with a 
telecentric lens (WTL150-04X20, Dehong Vision Tech-
nology Co., Ltd. Shenzhen, China) which has a magnifi-
cation of 0.4×, and the working distance of 150 mm. The 
distortion induced by the lens was measured less than 
0.1%. A supplementary light device was added coaxially 
in order to have sufficient illumination.

The calibration about the acquisition of the images was 
achieved automatically by our measuring system. Before 

the experiment, the system was programmed to acquire 
a serial of images by changing working distance and the 
ration angle between the image plane and the object 
plane. By maximizing the contrast and sharpness of the 
acquired images, the system was therefore initialized.

Image processing and strain field calculation
According to the size of the cracked tooth sample, the 
region of interest (ROI) was selected as 1168 pixels × 876 
pixels with the dimension of 22  mm  ×  16.5  mm. The 
images (1 pixel approximately represents 20 micro-
meters) were then used for DIC calculation. The size of 
the subzone in the deformed image was selected as 39 
pixels  ×  39 pixels. The searching region in the unde-
formed image was set as 69 pixels  ×  69 pixels with a 
matching step size of 4 pixels, which lead to one minute 
for one image matching process by a computer equipped 
with Intel(R) Core (TM)i5-8400 CPU @ 2.80Ghz and 
8  GB RAM. Based on the principle of the digital image 
correlation method, the image processing program com-
pared the reference speckle image with the deformed 
speckle image and obtained the displacement or defor-
mation filed through correlation calculation according to 
the given speckle intensity before and after the deforma-
tion. The image matching procedure was implemented by 
the machine vision toolbox of LabVIEW.

A real-time oral diagnostic method for cracked tooth 
may be preferable. Considering the matching time of the 
reference and target subsets, in this preliminary study, nor-
malized cross correlation (NCC) [28] was used to calculate 
the correlation coefficient, which can be described as:

(1)C(x, y) =

∑h−1

y′=0

∑w−1

x′=0
T (x′, y′)I(x + x′, y+ y′)

√

∑h−1

y′=0

∑w−1

x′=0
T (x′, y′)2

∑h−1

y′=0

∑w−1

x′=0
I(x + x′, y+ y′)2

Fig. 1  a Photo of the setup. b Illustration of the experimental setup: cracked tooth sample was sealed in the resin; the compression load was 
applied to the sample by universal material testing machine; a CCD camera equipped with a telecentric lens was used for image acquisition, which 
was installed onto a three-axis motion platform
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where C(x, y) is the calculated correlation coefficient with 
the value between 0 and 1 (1 means perfect match); (x′, y′) 
are the coordinates of the reference template T ;(x, y) are 
the coordinates of the deformed image I ; h and w are the 
height and width of the template.

A coarse–fine search matching algorithm, namely low-
difference sequence sampling image matching method 
was selected in the matching process, whose details can 
be found in reference [29]. Once subset area was matched 
by maximizing the correlation coefficient in the search-
ing area (defined by the step size and the subset size), the 
displacement field was calculated according to the differ-
ence of the location, which can be described as:

where u is the displacement vector in horizontal direc-
tion and v is the displacement in vertical direction. Sub-
pixel accuracy was achieved by grey level interpolation. 
Considering the processing time, bilinear interpolation 
was implemented in our case here.

After displacement field was obtained, the resulting 
image were firstly treated by a median filter in order to 
decrease the noise. Then the deformation field was cal-
culated [30]. Generally, the discrete displacement data 
was approximated by a two-dimensional first-order 
polynomial with u in x direction and v in y direction. 
And the deformation was obtained by calculating the 
partial derivative of the displacement with respect to its 
coordinates. The strain can be calculated as [31, 32]:

where, a0, a1, a2, b0, b1, b2 is the undetermined coeffi-
cient, (PTP)−1PT is the pseudo inverse of P, P is the local 

(2)u = x − x′

(3)v = y− y′

(4)
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(6)εx =
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= a1,

(7)εy =
∂v

∂y
= b2,

(8)γxy =
∂u

∂y
+

∂v

∂x
= a2 + b1

coordinate matrix, u is the displacement in x direction, 
v is the displacement in y direction, εx is the strain in 
x direction, εy is the strain in y direction, and γxy is the 
shear strain.

The principal strain can be calculated as [33]:

where εmax is the maximum principal strain, εmin is the 
minimum principal strain.

Considering the randomly distributed crack on the 
surface of the simulated cracked tooth, principal strain 
should be a suitable choice for the further crack skel-
etonization, because unidirectional strain field ( εx or εy ) 
may lose some information while the crack orientation 
was parallel to the force direction.

Crack extraction and analysis
The skeleton of the crack was extracted through an image 
treatment process implemented in Matlab. The gener-
ated image of the deformation field was treated through 
the process of binarization, morphological operation 
and final skeletonization. Single thresholding value may 
lead to image binarization mixing with noise (branches 
along with the main crack), which make the skeletoni-
zation of the main crack impossible. Here, an iteration 
process was used to obtain the main crack path by con-
tinuously expanding the large strain area (corresponding 
to the main crack area). The process can be described as a 
flow chart in Fig. 2. The values of the threshold were well 
selected after several image treatment experiments.

Calculation of crack opening displacement
After the crack path was extracted, the crack opening dis-
placement (COD) was quantitatively calculated based on 
the kinematics of the crack, and the details of the calcula-
tion could be found in the work of Gehri et al. [31]. Gen-
erally, the crack was considered to be composed of two 
faces ( A and B ). The relative displacement ( δ ) of the two 
faces of the crack can be calculated as:

where RA and RB are the transformation matrix consisted 
of the rotation angle for each face.δA1 and δB1 are crack 
lip displacement vectors, a1 and b1 are position vectors in 
the undeformed state.

(9)

ε1 = εmax

ε2 = εmin

}

=
εx + εy

2
±

√

(
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2

)2

+

(

γ xy

2

)2

(10)δ = δB − δA

(11)δA = δA1
+ (I2 − RA)a1

(12)δB = δB1 + (I2 − RB)b1
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Based on the crack inclination angle, the calculated dis-
placement δ was decomposed into COD and crack slip 
displacement. The COD ( δn) was then defined as:

where αr is the crack inclination angle which would be 
influenced by the selection of the calculated window 
size w . The parameters used in the calculation were also 
illustrated in Additional file 1: Fig. S1. In our work here, 
window size was selected as 7 pixels considering both the 
calculation cost and imaging resolution.

(13)δn = sin(αr)�δ�

Computed tomography
In order to verify the proposed image-based detec-
tion method, micro-computed tomography (µCT) was 
tested for comparison. The simulated cracked tooth 
was observed by a micro-CT (SkyScan1276, BRUKER, 
at Guangzhou FocusPower Company). The scanning 
parameters were set as 20 W, 100 kV, 0.3 µA, ×1 magnifi-
cation, resulting in an image of 120,912,091,344 × voxels 
with a voxel size of 20 µm × 20 µm × 20 µm.

The micro-CT image was then treated by adaptive 
histogram filter and median filter to decrease the noise. 

Fig. 2  Flowchart of the image treatment process
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Then, the sharpening of the image was made by Lapla-
cian filter to further enhance the feather of the image. 
After then, the skeletonization of the image was imple-
mented by the function provided in Matlab.

Results and discussion
Imaging of the crack location
As shown in Fig. 3a–d, the calculated displacement field 
and the strain field in both X and Y directions were plot-
ted. The maximum displacement in each direction was 
calculated as 1 pixel and 6.2 pixels, which represented 
20  µm and 124  µm, respectively (in this system, 1 pixel 
approximately represents 20 µm). The displacement in Y 
direction was larger compared to the value in X direction, 
because the compression force was applied along the Y 
direction. The tiny displacement value in X direction may 
imply the slippage of the crack during the compression, 
which could also be found in reference [34]. The path 
of the crack could be approximately detected both on X 
and Y displacement field (or the strain field). However, 
it could not be considered for further crack localization 
and skeletonization, because the randomly oriented crack 
may lead to information loss when the displacement field 
was only captured for the selected X and Y directions. 
Thus, a principal strain field may be a better choice for 
random crack detection, which was also used in the ref-
erence [35].

In our case here, the principal strain field (Fig.  3e, f ) 
was indicated to better detect the crack path compared 
with the displacement field or the unidirectional strain 
field (εxx or εyy). The resulting principal strain field 
showed a high contrast with an emphasis on the crack 
region. The indicated crack area made a good agree-
ment with the main crack captured from CT (the inset 
in Fig.  4b), which further demonstrated that the princi-
pal strain field was more appropriate for the crack detec-
tion method used here. It should be noted that several 
tiny cracks were seemed to be swallowed in the principal 
strain field, which was probably due to the relatively small 
deformation and the resolution of the strain calculation.

For cracked tooth diagnosis, the location of the crack 
was necessary for further dental treatment. As shown in 
Fig.  4a, b complete main crack was extracted and skel-
etonized as a binarized image based on the proposed 
iteration image treatment. Compared with the skel-
etonization of the micro-CT image (Fig.  4b), the main 
crack path obtained from the DIC strain field was in 
good agreement, which further proved the feasibility of 
the proposed method here. For the skeleton extraction, 
parameter like the lower threshold proposed in our case 
here may slightly influence the main crack skeletoniza-
tion. The lower threshold needs to be adjusted to avoid 
the bifurcation of the main crack. The future work of the 

proposed image treatment should realize the adaptive 
setting of the thresholds based on statical analysis of the 
calculated strain field. Whereas, compared with the arti-
ficial neural network algorithm for crack extraction [36], 
the higher efficiency of the proposed methods here may 
be helpful for the development of the fast clinical crack 
tooth diagnosis.

Parameters such as the size of the subzone in the 
deformed image (sub-image) and the step size used in 
the displacement field calculation were crucial to the 
resolution of the resulting strain field. Small size of the 
sub-image would lead to fewer image features to be 
compared between the reference and deformed images, 
which would increase the matching error during the 
DIC process. Whereas, over size of the sub-image would 
cause an average effect for the details of the displacement 
field, which certainty decrease the resolution of the strain 
field. Another important parameter in DIC is the step 
size, which should be small enough to get the local dis-
placement details. However, an undersized step-size will 
cause excessive noise, which would seriously affect the 
accuracy of extraction and positioning for the main crack 
here. Similar parameters for sub-image size and step size 
could also be found in reference [37].

Imaging of crack opening displacement
The behavior of the crack can be evaluated and studied by 
measuring the displacement field around the crack. And 
the growth rate and direction of the crack are determined 
by several factors, such as the mechanical properties of 
the materials, load conditions, and structural geometry 
[38]. Quantitative characterization of the crack opening 
displacement may be helpful for the assessment of tooth 
damage, and it may also provide suggestions for dental 
repairment after then. As shown in Fig. 5, crack opening 
displacement was contoured with a color bar rendered in 
a heatmap mode. The crack opening displacement was 
found to be inhomogeneous, which ranged from 2 to 
10 µm with a maximal value of 0.5 pixels (10 µm) located 
in the central region of the figure. The obtained magni-
tude of the COD was in good accordance with the magni-
tude of the crack width reported in the literature [10] in 
which the micro-crack in the cracked tooth was clinically 
found to be between 2 and 500  µm. It should be men-
tioned that the applied force onto the simulated cracked 
tooth was well controlled to be less than the force on the 
tooth during the normal mastication process. According 
to the work of Shinogaya et  al. [39], the average forces 
on the mandibles during the mastication process were 
recorded between 1200 and 550  N. In our case here, 
the force applied to the simulated cracked tooth sample 
was carefully controlled as 500 N. And the encapsulated 
resin around the cracked tooth may also dissipate some 
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energy, thus the force applied to the simulated cracked 
tooth should be considered as tiny and safe enough for 
the cracked tooth diagnosis. The obtained COD may 

be influenced by the parameter of the window size (ω) 
used for the calculation of the crack inclination angle. As 
shown in Fig. 6, the maximum calculated crack opening 

Fig. 3  Results of calculated displacement/strain field: a displacement in X direction; b displacement in Y direction; c εxx strain; d εyy strain; e 
minimum principal strain; f maximum principal strain. The image here was a cropped area from the resulted DIC map, which further emphasized 
the region of the crack
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displacement initially increased with the window size (ω), 
and finally reached to a stable value. Here, the width of 
the fitting window was selected as 7 pixels, which make 
sure the calculated COD was stable converged.

For clinical diagnosis, considering the irregular 
geometry of human teeth, the proposed method may be 
performed in conjunction with dental operating micro-
scope or some other customized microscopes. The local 
enlarged images were then used for the strain field cal-
culation and crack extraction. Through linearization, it 
may be useful to reduce the measuring error caused by 
the 3D topography of the tooth. And it also should be 

pointed out that strain field calculation for 3D complex 
surface (like human tooth) may be one of the interest-
ing and challenging research topics in further work.

Error analysis
The uncertainty of the proposed image correlation sys-
tem was evaluated by the random system error, which 
was measured based on 20 continuously static images. 
The mean value of the displacement for each image was 
calculated as:

Fig. 4  Skeletonization of the crack: a image from the principal strain field calculated by DIC; b skeleton from CT image. The inset was the original 
image for each case

Fig. 5  Visualization of the crack opening displacement. The unit of 
the value in the color bar was pixels. And 1 pixel responds to 20 µm

Fig. 6  The calculated crack opening displacement varied with the 
parameter of the fitting window size used to calculate the inclination 
angle of local crack
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where g(x) is the average displacement, m is the length 
of the image,n is the width of the image, and (xi, yi) are 
the coordinates of the image, u is the displacement of the 
point (xi, yi) in X direction, and v is the displacement of 
the point (xi, yi) in Y direction.

The ideal calculated displacement field for the static 
images should be found as zero, whereas the inevitable 
noise during the image acquisition process and the sub-
region matching process would lead to certain error. As 
plotted in Fig. 7, the measured average displacement for 
each image randomly fluctuated between the maximum 
of 0.028 pixels (0.46 µm) and a minimum of 0.008 pixels 
(0.16 µm) with a variance of 0.001, which is two orders of 
magnitude lower than the value of the displacement field 
for the crack detection. Thus, the displacement measure-
ment in the proposed crack detection should be consid-
ered valid and reliable.

Conclusion
A method based on digital image correlation was estab-
lished for crack detection of the simulated cracked 
tooth. The crack location can be extracted by skeletoni-
zation from the principal strain field. Compared with 
micro-CT, the detection of the main crack was in good 
accordance with results obtained from the proposed 
method. What’s more, the proposed method provides 
quantitatively visualization of the crack opening dis-
placement. The measured crack opening displacement 
was found to be 2–10  µm under the normal mastica-
tion stress. The average displacement field resolution of 

(14)g(x) =

∑m
i=0

∑m
j=0

√

u2(xi, yj)+ v2(xi, yj)

m× n

the system built in this work is around 0.02 µm, which 
should have sufficient capability for crack tooth diag-
nosis. The proposed method provides an alternative 
solution for the clinical non-destructive portable detec-
tion of cracked teeth, and the results of the quantita-
tive analysis may provide a guide for the evaluation of 
dental damage and the selection of subsequent dental 
restoration programs.
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Fig. 7  Random system error of the proposed image correlation 
system measured based on 20 continuously static images. Error bar 
means the standard deviation of the measured displacement field for 
each image

https://doi.org/10.1186/s12903-021-01897-2
https://doi.org/10.1186/s12903-021-01897-2


Page 10 of 10Zhang et al. BMC Oral Health          (2021) 21:539 

References
	1.	 Hasan S, Singh K, Salati N. Cracked tooth syndrome: overview of literature. 

Int J Appl Basic Med Res. 2015;5(3):164–8.
	2.	 Mathew S, Thangavel B, Mathew CA, Kailasam S, Kumaravadivel K, Das A. 

Diagnosis of cracked tooth syndrome. J Pharm Bioallied Sci. 2012;4(Suppl 
2):S242–4.

	3.	 Yang S-E, Jo AR, Lee H-J, Kim S-Y. Analysis of the characteristics of cracked 
teeth and evaluation of pulp status according to periodontal probing 
depth. BMC Oral Health. 2017;17(1):135–135.

	4.	 Kim J-H, Eo S-H, Shrestha R, Ihm J-J, Seo D-G. Association between longi-
tudinal tooth fractures and visual detection methods in diagnosis. J Dent. 
2020;101:103466.

	5.	 Hefti AF. Periodontal probing. Crit Rev Oral Biol Med. 1997;8(3):336–56.
	6.	 Bresciani E, Torres CRG, Wiegand A. Dentin hypersensitivity and cracked 

teeth. In: Torres CRG, editor. Modern operative dentistry: principles for 
clinical practice. Cham: Springer; 2020. p. 691–704.

	7.	 Gopikrishna V, Pradeep G, Venkateshbabu N. Assessment of pulp vitality: 
a review. Int J Paediatr Dent. 2009;19(1):3–15.

	8.	 Ghorbanzadeh A, Aminifar S, Shadan L, Ghanati H. Evaluation of three 
methods in the diagnosis of dentin cracks caused by apical resection. J 
Dent (Tehran). 2013;10(2):175–85.

	9.	 Clark DJ, Sheets CG, Paquette JM. Definitive diagnosis of early enamel 
and dentin cracks based on microscopic evaluation. J Esthet Restor Dent. 
2003;15(7):391–401 (discussion 401).

	10.	 Landrigan MD, Flatley JC, Turnbull TL, Kruzic JJ, Ferracane JL, Hilton TJ, 
Roeder RK. Detection of dentinal cracks using contrast-enhanced micro-
computed tomography. J Mech Behav Biomed Mater. 2010;3(2):223–7.

	11.	 Lee SH, Lee JJ, Chung HJ, Park JT, Kim HJ. Dental optical coherence 
tomography: new potential diagnostic system for cracked-tooth syn-
drome. Surg Radiol Anat. 2016;38(1):49–54.

	12.	 Kim JM, Kang SR, Yi WJ. Automatic detection of tooth cracks in 
optical coherence tomography images. J Periodontal Implant Sci. 
2017;47(1):41–50.

	13.	 Wang S, Xu Y, Shen Z, Wang L, Qiao F, Zhang X, Li M, Wu L. The Extent of 
the crack on artificial simulation models with CBCT and periapical radiog-
raphy. PLoS ONE. 2017;12(1):e0169150.

	14.	 Leader DM. CBCT is valuable for diagnosis of tooth fracture. Evid Based 
Dent. 2015;16(1):23–4.

	15.	 Culjat MO, Singh RS, Brown ER, Neurgaonkar RR, Yoon DC, White SN. 
Ultrasound crack detection in a simulated human tooth. Dentomaxillofac 
Radiol. 2005;34(2):80–5.

	16.	 Sapra A, Darbar A, George R. Laser-assisted diagnosis of symptomatic 
cracks in teeth with cracked tooth: a 4-year in-vivo follow-up study. Aust 
Endod J. 2020;46(2):197–203.

	17.	 Kim JJ, Kim A-R, Lee S-W. Artificial neural network-based automated crack 
detection and analysis for the inspection of concrete structures. Appl Sci. 
2020;10(22):8105.

	18.	 Wang Z, Yang J, Jiang H, Fan X. CNN training with twenty samples for 
crack detection via data augmentation. Sensors (Basel). 2020;20(17):4849.

	19.	 Song Q, Wu Y, Xin X, Yang L, Yang M, Chen H, Liu C, Hu M, Chai X, Li J. 
Real-time tunnel crack analysis system via deep learning. IEEE Access. 
2019;7:64186–97.

	20.	 McCormick N, Lord J. Digital image correlation. Mater Today. 
2010;13(12):52–4.

	21.	 Caporossi P, Mazzanti P, Bozzano F. Digital Image Correlation (DIC) analysis 
of the 3 December 2013 Montescaglioso landslide (Basilicata, Southern 
Italy): results from a multi-dataset investigation. ISPRS Int J Geo-Inform. 
2018;7(9):372.

	22.	 Dellenbaugh L, Kong X, Al-Salih H, Collins W, Bennett C, Li J, 
Sutley EJ. Development of a distortion-induced fatigue crack 

characterization methodology using digital image correlation. J Bridge 
Eng. 2020;25(9):04020063.

	23.	 Hasheminejad N, Margaritis A, Ribbens B, Vuye C, Blom J, Bergh WVD, 
Dirckx J, Vanlanduit S. Digital image correlation to investigate crack 
propagation and healing of asphalt concrete. Multidiscipl Digital Publ Inst 
Proc. 2018;2(8):473.

	24.	 Nishikawa H-A, Fijrhya Y. Development of microstructurally small fatigue 
crack initiation and growth evaluation method using automatic in-situ 
observation system with digital image correlation technique. Tetsu To 
Hagane J Iron Steel Inst Japan. 2019;105(1):105–11.

	25.	 Xu HC, Liu WY, Wang T. Measurement of thermal expansion coefficient of 
human teeth. Aust Dent J. 1989;34(6):530–5.

	26.	 Matsushita-Tokugawa M, Miura J, Iwami Y, Sakagami T, Izumi Y, Mori N, 
Hayashi M, Imazato S, Takeshige F, Ebisu S. Detection of dentinal microc-
racks using infrared thermography. J Endod. 2013;39(1):88–91.

	27.	 Nakajima Y, Shimada Y, Miyashin M, Takagi Y, Tagami J, Sumi Y. Nonin-
vasive cross-sectional imaging of incomplete crown fractures (cracks) 
using swept-source optical coherence tomography. Int Endod J. 
2012;45(10):933–41.

	28.	 Warbhe AD, Dharaskar RV, Thakare VM. Computationally efficient digital 
image forensic method for image authentication. Procedia Comput Sci. 
2016;78:464–70.

	29.	 Ahmed AGM, Perrier H, Coeurjolly D, Ostromoukhov V, Guo J, Yan D-M, 
Huang H, Deussen O. Low-discrepancy blue noise sampling. ACM Trans 
Graph. 2016;35(6):1–13.

	30.	 Huang Y, He X, Wang Q, Xiao J. Deformation field and crack analyses of 
concrete using digital image correlation method. Front Struct Civ Eng. 
2019;13(5):1183–99.

	31.	 Gehri N, Mata-Falcón J, Kaufmann W. Automated crack detection and 
measurement based on digital image correlation. Constr Build Mater. 
2020;256:119383.

	32.	 Tang Y, Zhang J, Yue M, Zhu X, Fang X, Feng X. High-frequency flashing of 
light source for synchronous measurement of temperature and deforma-
tion at elevated temperature. Opt Lasers Eng. 2021;137:106361.

	33.	 Marcal PV, King IP. Elastic-plastic analysis of two-dimensional stress 
systems by the finite element method. Int J Mech Sci. 1967;9(3):143–55.

	34.	 Vecchio F, Lai D. Crack shear-slip in reinforced concrete elements. J Adv 
Concr Technol. 2004;2:289–300.

	35.	 Niu Y, Huang H, Zhang J, Jin W, Wei J, Yu Q. Development of the strain 
field along the crack in ultra-high-performance fiber-reinforced concrete 
(UHPFRC) under bending by digital image correlation technique. Cem 
Concr Res. 2019;125:105821.

	36.	 Lee J, Kim H-S, Kim N, Ryu E-M, Kang J-W. Learning to detect cracks on 
damaged concrete surfaces using two-branched convolutional neural 
network. Sensors (Basel, Switzerland). 2019;19(21):4796.

	37.	 Wang M, Cen Y, Hu X, Yu X, Xie N, Wu Y, Xu P, Xu D. A weighting window 
applied to the digital image correlation method. Opt Laser Technol. 
2009;41(2):154–8.

	38.	 Yates JR, Zanganeh M, Tomlinson RA, Brown MW, Garrido FAD. Crack 
paths under mixed mode loading. Eng Fract Mech. 2008;75(3):319–30.

	39.	 Shinogaya T, Bakke M, Thomsen CE, Vilmann A, Matsumoto M. Bite force 
and occlusal load in healthy young subjects: a methodological study. Eur 
J Prosthodont Restor Dent. 2000;8(1):11–5.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	A method of crack detection based on digital image correlation for simulated cracked tooth
	Abstract 
	Background: 
	Methods: 
	Results: 
	Conclusions: 

	Introduction
	Methods
	Simulated cracked tooth preparation
	Image acquisition
	Image processing and strain field calculation
	Crack extraction and analysis
	Calculation of crack opening displacement
	Computed tomography

	Results and discussion
	Imaging of the crack location
	Imaging of crack opening displacement
	Error analysis

	Conclusion
	Acknowledgements
	References


